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FFT Consolidated Feature Space Methods for Image Representation

SUN Ling'  CHEN Desun' LI Ao'  FU Lijun'  YANG Run’ YU Liang’

(1. School of Computer Science and Technology Harbin University of Science and Technology Harbin 150080 China;
2. School of Computer Science and Technology Harbin Institute of Technology Harbin 150001 China;
3. Jiuquan Satellite Launch Center Dun Huang 736200 China)

Abstract: Fast Fourier Transform ( FFT) method has been widely used in image recognition. However FFT
method faces some challenges such as occlusion of different angles varying lighting and changeable facial
expression. We combine fast Fourier transform and feature space image representation method to solve the above
problems. There are the following stages: (DUse FFT to extract spectral features from the original image. (2)Use
Gaussian kernel method to obtain new features in the feature space. The new features and the training samples of
the original image use sparse representations to obtain sparse solutions. The new features and the test samples of
original image can use the aforementioned sparse solution and its training samples to calculate scores respectively.
Subsequently the score and the new score can be used for image classification. This method has sparseness and
robustness in image classification and is very easy to implement. Experimental results show that the method
proposed in this paper has high accuracy in image classification.
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